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« Choosing smooth parameters using cross validation

e There are a number of data-driven methods for choosing smoothing parameters
o Generalized cross validation (GCV) tends to smooth more RMSE
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the threshold e » In this poster, we discuss about trajectory changing when some
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= « Using Functional Data Analysis
Searching the maximum value In R » By using MAD, we exclude the outlier and detective the peak interval on moving
the group of consecutive numbers data
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e By the functional data analysis, we can get the feature of running form
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